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Optimal control problem for hybrid system with affine subsystems.

State-space: Q X X for X' C R" and finite set O. Q-learning Numerical results
Branch and bound algorithm

Optimal control of hybrid systems so ()-function is nonconvex. Number of iterations of Branch and bound algorithm:
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Upper bound 3 obtained using MPC with Lyapunov function L(q, z). ()(q, x) below replaced by its convex hull: the epigraph of O(x) below:
Lyapunov function L(q, ) is zero at the target, finite in some controlled Q(q& x) The numerical results can seemlessly be reproduced using
invariant set around the target, infinite otherwise. the codeocean capsule [1]. Algorithms implemented in the » Dionysos
The largest the controlled invariant set, the faster the algorithm gets Dionysos Julia package.
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